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Abstract: This research is conducted to propose a conceptual model for the adoption of digital government services based on an 
extended technology acceptance model. Through a survey of 359 users of digital government services, how to operationalize and 
test emerging variables is investigated to understand citizens' acceptance intentions. The results indicate that perceived social 
influence and trust are key factors in the acceptance of online government services and intention for adoption. Familiarity and 
ubiquitous connection have a substantial impact on social influence. Therefore, valuable insight into factors that practitioners 
prioritize when adjusting their approaches for better results is required. Thus, the adoption of digital government services needs to 
be related to the level of trust and social influence. 
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1. Introduction 

The swift advancement of information technology and the continual expansion of digital services have led to the emergence 
of online government. The online government provides its service that is available on handheld devices such as mobile phones, 
personal digital assistants (PDAs), mobile internet devices (MIDs), play station portables (PSPs), MPEG-4 (MP4), and e-readers 
(Zhang and Ma, 2011). The integration of e-commerce and social media has enabled the swift growth of online government services 
(Yadav et al., 2013; Sotiriadis and van Zyl, 2013). Despite its growth and importance, there is still a lack of knowledge on how 
people adopt digital government services with mobile devices and how the way people interact with the internet changes, and how 
their online patterns differ from other online behaviors. To better understand the behavior of online government users, more rigorous 
academic studies are needed. These studies need to be theory-led and employ sophisticated analytical models and statistical methods. 
While relevant analyses have been conducted, most of the research is descriptive and relies heavily on subjective judgment. To 
understand the factors that shape the acceptance of digital governments, theories of information technology adoption such as the 
use of technology (UTAUT), task technology fit (TTF), innovation diffusion theory (IDT), and technology acceptance model (TAM) 
are used (Gefen et al., 2003). These theories are used to analyze digital governments' behavior and gain insight into the factors that 
influence their acceptance. Studies on technology acceptance mainly focus on information and task-related acceptance of new 
technologies such as Internet usage, while context-aware and ubiquitous connections of digital government users are largely 
overlooked. 

This article addresses the gap in existing theoretical frameworks by exploring how context-aware and ubiquitous connections, 
as well as novel constructs such as social influences, trust, and familiarity, influence the acceptance of digital government services 
by users. In particular, it is examined how these factors interact with traditional TAM2 factors to shape users' acceptance of digital 
government services with the following questions. 

1) How does ubiquitous connection affect TAM2 on digital government adoption behaviors?  
2) How does context-aware affect TAM2 on digital government adoption behaviors?  
3) How do TAM and TAM2 explain digital government adoption behaviors? 

2. Literature Review 

2.1 Digital Government Environment  

Digital government is a method of online governance that syndicates traditional government services with social media 
platforms such as Twitter and social networking sites. It has become increasingly popular in recent years, being designed to provide 
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citizens with improved service experiences. Qu et al. (2013) defined digital government as activities conducted via the internet that 
involve dealings through either social media or other e-business sites. Smartphones are the most common devices for digital 
government transactions (Noh et al., 2013). Digital government is based on technological and ideological foundations with the 
conception and discussion of government content and services (Kaplan and Haenlein, 2010). It has the potential to provide positive 
information to increase government influence and facilitate the sharing of comments and advice through social groups (Dong, 2014). 
Digital government firms often collaborate with social network services to promote their services (Stephen and Toubia, 2009). Users 
of digital government can access services through SNSs and share their experiences with friends and strangers alike. This allows 
the digital government to exploit users to increase their adoption intention, which is more cost-effective (Kim and Park, 2013; Ngai 
and Gunasekaran, 2007). 

2.2 Trust Concern in mobile Reading 

Trust is an essential element in comprehending the dynamics of online and social interactions, and its absence can lead to 
misunderstandings and frustration. In the past decades, the issue of trust in digital services has been widely discussed (Gao and Liu, 
2014; Valvi and West, 2013; Kim, 2012; Bianchi and Andrews, 2012; Kim et al., 2011). Trust is especially important in digital 
government with which businesses can benefit from decreased operational costs and improved information sharing. Research has 
shown that trust is a major variable in determining adoption intention and market success (Pavlou and Fygenson, 2006). In digital 
government, trust is essential for the exchange of information between senders and receivers. Trust in digital government services 
is based on the reliability in making efforts in good faith to fulfill prior commitments, their ability to adjust to changing conditions, 
and their avoidance of taking advantage of the exchange partner (Hill et al., 2013). Previous reputation or service information also 
has a substantial result on users' acceptance of digital government services (Shafiq et al., 2011). The intention to accept digital 
government is founded in the total consumption practice and extensive engagement (Yen et al., 2013). Since online citizens and 
service providers cannot interact in person, information from online friends is essential in cultivating trust for potential users. 

2.3 Social Iinfluence Concern 

Satisfied digital government users do not voice any complaints about the government services or the sender of the information. 
Unfortunately, the online exchange process may not be acceptable to citizens due to their varying needs and expectations. To address 
this issue, the digital government must provide a way for users to voice their complaints. Social media platforms such as Facebook 
or Twitter provide users with the opportunity to share their experiences without interruption. Through these platforms, people can 
share their thoughts and opinions with others in an open and unrestricted environment. Previous studies showed that through the 
exchange of social information, citizens can gain a greater sense of belonging, recognition, and even social support, which leads to 
increased value and commitment. Social influence has been found to have a greater impact on the acceptance decision-making 
process in digital government than in practices. Therefore, social influence remains an important cause in increasing the adoption 
of citizens in digital government. 

3. Hypotheses and Research Framework 

3.1 Ubiquitous Connection 

Having access to digital government services at any time and any place is known as a ubiquitous connection. This is possible 
through the use of mobile terminals, which free citizens from sequential and longitudinal constraints (Ngai and Gunasekaran, 2007). 
However, there are still issues due to unreliable systems and new systems (Zhang et al., 2014; Gao et al., 2015). This leads to service 
interruptions or unavailability, which affects user trust negatively in mobile transactions (Lee, 2005). Furthermore, it also leads to 
negative social influences among Internet users (Gao et al., 2015). If citizens cannot access reliable and ubiquitous connections, 
they can sense that digital government is undependable and unusable, which affects their acceptance of digital government services. 
Therefore, providing ubiquitous services to citizens is essential to demonstrate the digital government’s capability and integrity, and 
to enhance the trustworthiness of reading apps. Therefore, the following hypotheses are proposed in this study. 

H1.1 Ubiquitous connection positively affects the trust in digital government services. 
H1.2 Ubiquitous connection positively affects the social influence of digital government services. 

3.2. Context awareness 

Context awareness is becoming increasingly important in the digital age, as users bring their mobile devices with them 
wherever they go. This highlights the need for adapting the content of digital government applications to the citizen's present 
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condition. By understanding the background of an assumed background and situation, citizens can better adapt to context-aware 
behavior in their online applications. This eliminates the need for users to manually adjust their content, as devices do this 
automatically. Context is an essential part of our lives, and the ability to share and utilize relative data enhances the citizen experience. 
This leads to a more efficient and enjoyable user experience when interacting with digital government applications. Therefore, the 
following hypotheses are proposed in this study. 

H2.1 Context-aware positively affects the trust in digital government services. 
H2.2 Context-aware positively affects the social influence of digital government services. 

3.3. Reputation 

Reputation is a measure of how citizens perceive the association between the government and citizens (Herbig and Milewicz, 
1997). It is determined by digital government possibilities (Hansen et al., 2008, Liu et al., 2012). Veloutsou and Moutinho (2009) 
argued that it is easier to damage a decent reputation than to create one as negative behaviors can have a more powerful effect on 
public opinion than positive ones. A worthy reputation clues to a higher grade of user trust and satisfaction (Raus et al., 2010) and 
positive online word-of-mouth (Hung and Li, 2007). This means that if citizens perceive that the digital government fulfills its 
promises, they will be more likely to trust the sites and share the information with others (Gao and Liu, 2014). As a result, the 
alternatives to the digital government become less attractive (McCorkindale and Morgoch, 2013). The reputation of digital 
government plays a crucial role in the early stages of a transaction (Dong, 2014). This reputation can provide citizens with a sense 
of trust and assurance which help them make decisions about their interactions with the government (Noh et al., 2013). When 
citizens have a positive experience with digital government, it increases its reputation. Reputation can also be used as a substitute 
for social influence when trust is lacking, and, predictably, this affects the digital government. Therefore, the following hypotheses 
are proposed in this study. 

H3.1 Reputation positively affects the trust in online government services. 
H3.2 Reputation positively affects the social influence of online government services. 

3.4 Familiarity 

Familiarity is a perception that includes both reasoning and responsive components (Lee and Kwon, 2011). It is described as 
a sensation of familiarity without being able to recall the exact details of the encounter. (Ecker et al., 2007). Ratcliffe (2002) referred 
to it as a “feeling of familiarity” and suggested that it is an important factor in behavior. In social network sites, familiarity is 
enhanced through interactions and experiences for greater understanding between social network friends (Sohn, 2014). 
Yoganarasimhan (2012) argued that greater familiarity with an online government increases trust and provides a bigger possibility 
of adopting the service or content suggested. This suggests that familiarity can have an important influence on perceived trust and 
social influences when it comes to online government apps. Therefore, the following hypotheses are proposed in this study. 

H4.1 Familiarity positively affects trust in online government services. 
H4.2 Familiarity positively affects the social influence of online government services. 

3.5 Trust, Social Influence, and Acceptance of Digital Government 

The acceptance intention of citizens towards a digital government site is a complex process that is affected partially by various 
peripheral causes such as the product, merchandise, seller, and effectiveness. The earlier investigation found that trust, social 
influence, and acceptance intentions are positively related. Acceptance intention has a direct consequence on engagement behavior. 
As online reading can often be a negative practice, distributing the data with friends alleviates this feeling. Thus, it is essential to 
consider the influence of trust, social influence, and acceptance intentions when assessing citizens’ acceptance of digital government 
sites. Therefore, the following hypotheses are proposed. 

H5.1 Trust positively affects the social influence of online government services. 
H5.2 Trust positively affects acceptance of online government services. 
H5.3 Social influence positively affects acceptance of online government services. 

The research framework is shown in Figure 1. 
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Fig. 1. Research model. 

4. Method 

The research framework comprises seven factors confirmed in previous research. To measure these constructs, a survey was 
carried out with items recorded in Appendix 1. The items were calculated on a 7-point Likert scale, ranging from “strongly disagree” 
to “strongly agree”. The questionnaire was pre-tested by fifteen online government users, and several items were revised based on 
their comments to improve clarity and understandability (Ya-Wen et al., 2010). An online survey was conducted to collect data. 
Messages were posted in government forums to invite citizens to participate in the survey by clicking on the hyperlink which 
directed them to the survey website. Out of the 412 responses collected, 15 were excluded due to missing or inappropriate data, and 
38 were excluded because they had no mobile experiences in the service. Finally, 359 qualified responses were used for the analysis. 
The information on the respondents is presented in Table 1. 

Table 1. Breakdown of respondents. 

Demographic Categories Range Frequency Proportion 

Age 

Under 20 111 0.31 
20–29 92 0.26 
30–39 83 0.23 
40–49 64 0.18 

Above 50 9 0.03 

Gender 
Male 154 0.43 

female 205 0.57 

Education 

High school or less 53 0.15 
College 240 0.67 

Postgraduate 43 0.12 
others 23 0.06 

Occupation 

Un-employed 4 0.01 
Student 132 0.37 

Office clerk 85 0.24 
Public servant 37 0.10 

Academic 63 0.18 
others 38 0.11 

Experiences with digital 
government services 

Less than 6 months 166 0.46 
6−12 months 127 0.35 

13−24 months 52 0.14 
Above 24 months 14 0.04 
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Two assessments were piloted for the Common Method Variance (CMV). First, Harman's single-factor exam was used (Liu 
et al., 2013). The results revealed that the highest variance enlightened by separate factors was 11.248%, indicating that no factor 
clarified the commonality of the variance. Secondly, total items were modeled as variables of a cause expressive of the process 
effect (Malhotra et al., 2006). 

5. Results and Discussions 

5.1 Assessment of Measurement Model 

The research was evaluated with the validation of the measurement model. This evaluation included assessing item reliability, 
convergent validity (individual item reliability), and discriminate validity. Convergent validity was used to determine if the chosen 
items accurately reflected the corresponding factor, while discriminant validity was used to determine if each couple of elements 
were suggestively different (Yurdugul and Alsancak Sarikaya, 2013). 

Table 2. Results of reliability test. 

Latent Variable Item * 
Standardized 

Loading 
Average Variance 

Extracted 
Composite 
Reliability 

α Value 

Ubiquitous connection (UC) 
UC 1 0.731 

0.69 0.89 0.88 UC 2  0.798 
UC 3 0.801 

Context-aware (CA) 

CA 1 0.784 
0.67 0.90 0.87 CA2 0.741 

CA3 0.763 

Reputation (RE) 

RE 1 0.701 
0.72 0.90 0.88 RE 2 0.698 

RE 3 0.665 

Familiarity (FA) 
FA 1 0.732 

0.70 0.86 0.84 FA 2 0.684 
FA 3 0.711 

Trust (TR) 

TR 1 0.803 
0.70 0.85 0.84 TR 2 0.784 

TR 3 0.787 

Social influence (SB) 
SB 1 0.671 

0.81 0.93 0.89 SB 2 0.700 
SB 3 0.734 

Acceptance of digital 
government(AM) 

AM1 0.728 
0.85 0.94 0.90 AM 2 0.699 

AM 3 0.703 

* Items are referred to as in Appendix A. 

Table 3. Discriminant validity test. 

 UC CA RE FA TR SB AM 
UC 0.811       
CA 0.041 0.774      
RE −0.042 0.200 0.711     
FA −0.156 0.411 0.501 0.785    
TR 0.340 0.008 −0.054 0.409 0.721   
SB 0.167 0.147 0.117 −0.112 0.203 0.732  
AM 0.073 0.201 0.212 0.082 −0.049 −0.118 0.848 
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The results of Table 4 show a weak fitness indicated by the goodness of fit index (GFI) of 0.704 and the root mean square 
error of approximation (RMSEA) of 0.138. These values are lower than 0.9 and higher than 0.08. respectively, indicating that CMV 
is not a significant problem in this research. 

Table 4. Recommended and actual values of fit indices. 

Fit Indices Chi2/df GFI AGFI CFI 

Recommended Value (Baumgartner and Homburg, 1996) <3 >0.90 >0.80 >0.90 

CFA 2.15 0.939 0.901 0.966 

Structural model 2.15 0.927 0.901 0.966 
Note: The performance of the model was evaluated using the Chi-square to degrees of freedom ratio (Chi2/df), Goodness of Fit 
Index (GFI), Adjusted Goodness of Fit Index (AGFI), Comparative Fit Index (CFI), Normed Fit Index (NFI), Standardized Root 
Mean Square Residual (SRMR), and Root Mean Square Error of Approximation (RMSEA). 

5.2 Evaluation of Structural Model 

The proposed research model was evaluated by creating a structural model with the LISREL software. Tables 4 and 5 present 
the recommended and actual values of fit indices, as well as the path coefficients and their significance. The assessment focused on 
the calculation of the standardized coefficients (β) to measure the strength of the relationship between two variables. The results of 
the study showed that a ubiquitous connection of digital governments had a substantial constructive effect on social influence 
(β=0.27, P<0.01), consequently supporting Hypothesis 1.2. Yet, it had no substantial positive effect on trust (β=-0.07), thus failing 
to support Hypothesis 1.1. Furthermore, the path coefficients of context-aware to trust and social influence were both significant at 
the P<0.001 level, thus validating Hypotheses 2.1 and 2.2. Additionally, coefficients of reputation to trust and social benefit were 
found to be statistically significant with P-values of less than 0.001 and 0.05 respectively, confirming Hypotheses 3.1 and 3.2. The 
results revealed that familiarity had a significant positive effect on trust (β=0.27, P<0.05), thus confirming Hypothesis 4.1. 
Surprisingly, familiarity had no significant positive effect on social influence (β=-0.09), thus failing to support Hypothesis 4.2. The 
path coefficient of trust to social influence was not significant (β=0.06), thus failing to confirm Hypothesis 5.1. However, the two 
hypothesized paths from trust and social influence to acceptance intention were both significant at P<0.01 and P<0.001 levels, thus 
validating Hypotheses 5.2 and 5.3. 

6. Conclusions 

6.1 Theorey Implications 

Table 5. Path coefficients and their significance 

Hypothesis Path Co-efficient β Supported or not 

H 1.1 Ubiquitous connection  →  trust 0.07 Not supported 

H 1.2 Ubiquitous connection  →  social influence 0.27* Supported 

H 2.1 Context-aware  →  trust 0.16** Supported 

H 2.2 Context-aware  →  social influence 0.31** Supported 

H 3.1 Reputation  →  trust 0.24* Supported 

H 3.2 Reputation  →  social influence 0.35* Supported 

H 4.1 Familiarity  →  trust 0.27* Supported 

H 4.2 Familiarity  →  social influence -0.11 Not supported 

H 5.1 Trust  →  social influence 0.06 Not supported 

H 5.2 Trust  →  acceptance intention 0.37** Supported 

H 5.3 Social influence  →  acceptance intention 0.22* Supported 

 P<0.05, * P<0.01, ** P<0.001 
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This research provides both theoretical and practical findings about digital government. Theoretically, this research extends 
the TAM by examining the guidance of ubiquitous, reputation, and familiarity on engagement with trust and social influence. The 
findings in this research showed that ubiquitous connection has a considerable impact on social influence, but no significant effect 
on trust. Additionally, context awareness and reputation were found to have a significant influence on both trust and social influence 
in online digital governments. Familiarity, as a key element of SNS, directly affects trust but does not directly affect social influence. 
However, it affects acceptance intention through the path of trust. By conceptually and empirically distinguishing between the 
variables, valuable insight was gained for individual contributions to the acceptance of the digital government. Practically, the 
findings provide a novel finding of the relationship between context awareness, ubiquitous connection on trust concern, and social 
benefit in online service behaviors. This research helps to inform the design of digital government services, as well as the 
development of strategies to increase user acceptance and trust. 

The findings of this research coincide with previous studies (e.g., Noh et al.), showing that the variables in the framework are 
related to social benefit and trust in digital governments, leading to action. This indicates that digital government distinguishes the 
concepts and empirical proof associated with the variables, and more understanding of individual influences is required for the 
acceptance of the digital government. The results did not support hypothesis H1.1, which proposed that ubiquitous connection would 
harm trust. The ubiquity of connection enables governments to better monitor and protect their citizens’ data, making them trust 
that their data is secured. This consequence is constant with previous works (Lin, 2013; Yadav et al., 2013). However, the social 
benefit is a mediating factor between the ubiquity of digital connections and the acceptance of digital governments. The results 
outspread the TAM by suggesting that better context awareness can expand the social benefit and trust of digital government users 
(Hsu and Rahayu, 2014). When people are aware of the context of their surroundings, they are more likely to use portable 
applications in a socially conscious and trusting manner. Understanding the environment and context of a situation helps people 
make better decisions and interact with others more respectfully. 

The findings indicate that citizens consider the reputation of digital governments as a key factor in avoiding risks such as fraud, 
which in turn affects their trust. This is in line with previous research on reputation, social influence, and trust (Ha, 2012; Park et 
al., 2014). H4.2 is not supported, as familiarity with online government services does not necessarily lead to a positive social 
influence. The adverse awareness of the services is often resulted in, as people may become frustrated with the absence of suitability 
or the difficulty of navigating the website. Additionally, the lack of trust in the government leads to a lack of trust in the services 
and to a further decrease in the social influence of the services. This research result indicates that citizens of websites with good 
reputations can have a positive impact on society, and the digital government is looking to capitalize on this. Trust is a vital variable 
in any relationship, and it is no different when it comes to online government services. Without trust, citizens may not feel 
comfortable using online government services, which leads to a decrease in social influence. It is also indicated that citizens are 
likely to become more engaged with their peers and acquaintances on familiar websites after taking action, likely resulting in an 
increased level of sharing. Leek and Christodoulides (2011) demonstrated that social influences have a positive effect on the 
commitment perception and acceptance intention of users. This is especially true in the context of digital government, where social 
influence is seen as a major factor in online social interactions. Therefore, it is important to ensure that digital governments foster 
respect and social contact to strengthen the acceptance intention of users. 

6.2 Practical Implications 

This research suggests that trust and social influences have in purchase intention in digital governments. Ubiquitous connection 
and familiarity do not directly affect trust, but rather, social influence acts as a mediator in influencing acceptance. Practitioners can 
have a better understanding of how trust and social influence can impact purchase intention based on this research. Familiarity and 
trust can improve engagement, and digital governments emphasize growing the social benefits of citizens rather than collective 
ubiquitous connection and familiarity to enhance trust. Governments must build trust and be mindful of citizens' needs when creating 
digital services. Furthermore, to effectively support digital government initiatives, officials need to raise positive associations with 
citizens through sociable communication. This escalates social benefits and trust, both of which are critical for the success of any 
digital government marketing strategy. 

6.3 Limitations and Future Research 

This investigation has limitations taken into consideration. Firstly, the objects were confined to citizens of one country, where 
digital government services are rapidly developing and exceed those of urbanized governments. Consequently, future investigations 
need to include a broader range of digital government users. Secondly, the questionnaire used in this research was adopted from 
existing research, so there may have been inaccuracies in the variables. Finally, when conducting future studies, it is important to 
consider the potential for common method variance (CMV) since the data for the independent and dependent variables were 
collected simultaneously through online questionnaires. 
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Appendix A: Measurement scales and items 

Ubiquitous connection (UC), adapted from Lee (2005) 
UC1: I can use digital government services anywhere. 
UC2: I can use digital government services anytime. 
UC3: I can use digital government services at any time from anywhere. 
Context-aware (CA), adapted from Lee (2005) 
CO1: This digital government service offers understandable info to me. 
CO2: This digital government service offers specific location info to me. 
CO3: This digital government service can offer the ideal services based on my benefits and position. 
Reputation (RE), adapted from Kim and Park (2013) 
RE1: This digital government service is popular. 
RE2: This digital government service has a decent reputation. 
RE3: I am acquainted with this digital government service. 
Familiarity (FA), Adapted from Ng (2013) 
FA 1: My friends use this digital government service through information exchanges. 
FA 2: My friends will share experiences with this digital government service. 
FA 3: I maintain an active dialogue with each individual who uses this digital government service. 
Trust (TR), adapted from Ng (2013) 
TR1: I am comfortable engaging with the social network community and I am feeling great. 
TR2: I have faith in the support and feedback I receive from my social network (e.g., friends, and relatives) when I 

communicate with them. 
TR3: I expect that my online social connections would always be supportive of me and my interests. 
Social influence (SB), developed by authors. 
SB1: This digital government service offers me the opportunity to make beneficial social connections. 
SB2: I find joy in discussing my reading experiences with my friend. 
SB3: I find it helpful to seek advice from my peers when I am reading online.. 
Acceptance of digital government service (AM), adapted from  Ng (2013) and Kim and Park (2013) 
AM1: I have a strong desire to use this digital government service if it is recommended by my social network contacts. 
AM2: I have no qualms in trusting the advice and feedback of my friend when deciding to use this digital government service. 
AM3: It is likely that I will soon be taking advantage of this digital government service by making purchases through it. 
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